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Research on Classification and Prediction of Garment

Pattern Based on GridSearch-SVM Algorithm

ZHENG Wen-jing
(School of Computer Science, Xi'an Polytechnic University, Xi'an 710048, China)

Abstract : Clothing customization recommendation played an important role in the process of clothing customization. In order to re-

alize the process of customization recommendation, the clothing pattern was predicted according to body-measure data. According to

the combination relationship between the body-measure data and the pattern data of a clothing enterprise, SVM classification algo-

rithm was used to train the classification model, and the clothing pattern was predicted according to the body-measure data. A two-di-

mensional grid search was proposed. The ( C, g ) parameters of support vector machine was optimized, to achieve the optimal classi-

fication effect and shorten the operation time.

Key words: garment customization; body-measure data; garment pattern; SVM; GridSearch



